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ABSTRACT 

The rapid growth of Social Live Streaming Services (SLSS) has attracted increasing attention from researchers. However, 

interactions between regulators and live-streaming platforms, as well as the negative side of business related to non-

compliance, have been scarcely examined. To bridge these gaps, this study examined the political impacts of three tightening 

policies on the financial performance of live-streaming platforms based on Signaling Theory and Construal Level Theory. 

Results show that negative political impacts exist only for policies with a high level of information concreteness. This study 

not only contributes to the literature on SLSS and related theories but also generates significant managerial implications for 

different stakeholders in SLSS. 
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INTRODUCTION 

Social Live Streaming Services (SLSS) are gaining increasing popularity for their real-time information-sharing affordances 

through video streaming among users (Guan et al., 2022; Lu et al., 2021; Simon Bründl & Simon, 2023). Its emergence has 

created significant business opportunities and substantial commercial benefits for live-streaming platforms and streamers in 

both China and the global market (CNNIC, 2023; Vantage Market Research, 2022; Wei, 2020). However, alongside the 

industry's thriving development, non-compliance of market participants also persists. In 2023, the Cyberspace Administration 

of China guided a specific regulation group to conduct a one-month concentrated rectification and supervision on Douyu, one 

of the leading live-streaming platforms in China, in response to its serious content issues relevant to pornography and vulgarity 

(CAC, 2023). This news announcement led to a 15% pre-market drop in Douyu's US stock price. In fact, Douyu has been 

punished by relevant regulators multiple times for its vulgar and violent content (e.g., Hubei Provincial Department of Culture 

and Tourism, 2021). With the increasingly intense competition in short videos and the live-streaming industry, platforms like 

Douyu have been experiencing growing business pressure, and some of them have started to rely on the grey area to gain 

traffic.  

However, with stricter regulations, this strategy is no longer feasible. Compliance has become the most urgent requirement and 

a new source of competitiveness. In 2023, the Cyberspace Administration of China strictly enforced laws and regulations and 

vigorously cracked down on various illegal online activities. Throughout the year, 259 mobile applications were removed from 

the market, and 14,624 illegal websites were shut down. Relevant website platforms were urged to close 127,878 accounts that 

violated laws and regulations (CAC, 2023). The increasing intensity of regulations reveals regulators’ significant attention and 

determination to the management of illegal and unethical content on the internet, especially for the live-streaming industry. 

With the growing prevalence of SLSS, a wealth of literature has focused on 1) characteristics and interactions between 

streamers and viewers and 2) the business value from the positive side, such as live-streaming commerce promotion and virtual 

gifting promotion strategies. In contrast, interactions between regulators and platforms and the negative side of business related 

to non-compliance have been scarcely examined. More specifically, whether and how regulations (i.e., tightening policies) 

influence a live-streaming platform’s financial performance is unknown. To bridge these gaps, we raise the following two 

research questions. 

RQ1: Will tightening policies influence live-streaming platforms’ financial performance (i.e., stock price and actual revenue)?  

RQ2: What factors influence the political impacts on live-streaming platforms? 

To answer these questions, we conducted event studies examining the impact of three tightening policies on four listed live-

streaming platforms in China based on Signaling Theory and Construal Level Theory. Results show that the negative impacts 

of tightening policies only exist when the policy possesses a high level of information concreteness. The results not only enrich 

the literature on Signaling Theory by addressing the importance of information concreteness in signaling effectiveness but also 

extend the literature on Construal Level Theory by adapting its application to financial markets in response to divergent 

policies. More importantly, this study contributes to the literature on SLSS by filling in the research vacancy of regulations and 

regulator-platform interactions in this industry, introducing novel factors that influence streamers’ performance and viewers’ 
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gifting behavior. In addition to theoretical contributions, this study generates significant managerial implications for different 

stakeholders in SLSS. 

The rest of this paper is organized as follows. Section 2 reviews the literature on SLSS, Signaling Theory, and Construal Level 

Theory to discuss the gaps in existing research. Section 3 builds up our theoretical framework and develops hypotheses. 

Section 4 introduces the published policies, basic information about listed live-streaming platforms, and the basic idea of event 

study. Section 5, Section 6, and Section 7 discuss these results and integrate the findings. Section 8 demonstrates the 

theoretical and practical contributions of our findings. The limitations of this study and suggestions for future research are also 

listed. Lastly, Section 9 concludes this paper. 

LITERATURE REVIEW 

Social Live Streaming Services (SLSS) 

Research on SLSS has broadly investigated the interactions among four roles in this novel business ecosystem: streamers, 

viewers, user-generated contents (UGCs), and platforms. For example, the interdependencies between the streamers and the 

viewers are often conceptualized as para-social interaction (Fu & Hsu, 2023), swift guanxi (Guan et al., 2020), vicarious 

learning (Li et al., 2020), and relational benefits (Hou et al., 2020; Li et al., 2019). The inter-viewer relationships are 

categorized as co-interactive behavior (Simon Bründl & Simon, 2023), group identification/viewer crowd belongingness (Guan 

et al., 2022; Li et al., 2019), social presence/telepresence (Fu & Hsu, 2023; Li et al., 2018; Sun et al., 2019), and social density 

(Li et al., 2019). The relationships between viewers and content are described as viewership engagement (Guo et al., 2019), 

flow experience/immersion (Sun et al., 2019; Yi & Yi, 2021). The interactions between platforms and streamers are relevant to 

technological infrastructure (Zhang et al., 2019). 

In contrast to the abundant findings in these relationships, some important roles and interactions in SLSS remain largely 

unexplored, such as those involving regulators and regulator-platform dynamics. Regulators oversee and formulate policies to 

establish the principles guiding the behavior of other stakeholders in SLSS, which is crucial for the long-term sustainability of 

this industry's development. Additionally, while most existing literature focuses on the positive side of SLSS (e.g., business 

value), negative events and scenarios, such as the non-compliance of streamers and platforms, are rarely examined. Therefore, 

it is essential to expand research on SLSS to include a broader range of participants/stakeholders and scenarios. 

Signaling Theory 

Signaling theory is developed to reduce the information asymmetry between signalers and receivers and lead to appropriate 

reactions from the receiver (Connelly et al., 2011; Courtney et al., 2017; Gulati & Higgins, 2003; Spence, 1973, 2002). It holds 

a prominent position in various management literature, including strategic management, entrepreneurship, and human resource 

management (Connelly et al., 2011). Moreover, it can integrate other interactive theories and provide a comprehensive view of 

how signals can bridge information gaps and align perceptions between parties (Bird & Smith, 2005). 

Ryu et al. (2023) summarized three key factors affecting signaling effectiveness based on prior literature: signal credibility, 

signal fit, and receiver attention. These three factors respectively refer to the cost of generating a signal, the degree to which 

the signal reflects the signaler’s (unobservable) quality and the receivers’ interpretation of the signal (Connelly et al., 2011; 

Gulati & Higgins, 2003). Based on these findings, there is a necessity of considering these factors to ensure signaling 

effectiveness in practice (Ryu et al., 2023). In addition to these identified factors, some other content-related features, such as 

content concreteness, are also critical in real-world applications. Therefore, there is great potential for exploring more signal-

relevant features to improve signaling effectiveness. 

Construal Level Theory 

Individuals can regard an object or event at different levels of concreteness or abstraction (Trope & Liberman, 2003, 2010). A 

high construal level is characterized as abstract, structured, decontextualized, superordinate, and goal-relevant. In contrast, a 

low construal level is characterized as concrete, unstructured, contextualized, subordinate, and goal-irrelevant (Trope & 

Liberman, 2003). More specifically, a high construal level can be seen as big-picture thinking, where individuals concentrate 

on the general outline of the construal targets. Conversely, a low construal level emphasizes more detailed and specific 

characteristics of the construal target. For instance, work can be regarded as achieving career and personal development at a 

high construal level or completing specific tasks and projects at a low construal level. 

According to the heterogeneities in high and low construal levels, individuals can evaluate an object in the dimension of its 

abstract/concrete or feasibility/desirability features (Ho et al., 2020). On the one hand, a higher construal level fosters people to 

construe the object more programmatically and abstractly, and only the basic features are retained (Trope & Liberman, 2010). 

On the other hand, a higher construal level fosters them to focus more on desirability features (e.g., whether the video 

streaming content is interesting). In contrast, a lower construal level fosters people to focus more on feasibility features (e.g., 

whether the live-streaming show starts in an appropriate time session) (Liberman & Trope, 1998). Although the Construal 

Level Theory has been applied in a variety of disciplines, ranging from mental disorders and consumer behavior to technology 

adoptions (e.g., Ho et al., 2020; Liberman et al., 2007; McCrea et al., 2008), its application to financial markets is relatively 
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scant. Therefore, it is exciting and promising to adapt this theory to financial market research, such as investors’ attitudes and 

behaviors in response to financial events. 

HYPOTHESIS DEVELOPMENT 

Prior research on Construal Level Theory has shown that construal level can affect individuals’ attitudes and opinions toward 

objects regarding desirability/feasibility and pros/cons. On the one hand, people incorporate desirability and feasibility 

considerations in decision-making and in understanding future actions. A higher construal level drives people to focus more on 

desirability features (e.g., whether a system is applicable) and evaluate the object primarily based on these features. In contrast, 

a lower construal level induces people to focus more on feasibility features (e.g., whether a system is easy to use) (Liberman & 

Trope, 1998) and to rely more heavily on them when evaluating the object. 

When it comes to the context of SLSS, a regulation/tightening policy with a lower level of information concreteness (i.e., less 

detailed-oriented guidelines) signals policymakers’ overall attention and expectations for the industry. For example, a policy 

offering guiding principles of streamers’ ethics and behaviors (e.g., being polite, friendly, and avoiding harmful content) can 

signal policymakers’ attitudes toward the core ethical values of SLSS. This signal can lead to a higher level of construal for 

investors, driving them to focus primarily on the desirability of the policy. More specifically, investors will consider the long-

term impacts of regulations on the sustainable development of this industry, possess big-picture ideals, and be more optimistic 

when predicting the future profitability of the industries. In contrast, a tightening policy with higher information concreteness 

(i.e., more detailed-oriented guidelines) signals the policymakers’ intention and capability for interventions to the industry. For 

example, a policy restricting adolescents’ gifting behavior through various authentication means, such as facial recognition, 

can signal policymakers’ actual engagement of practice in protecting adolescents’ interest in SLSS. This signal can lead to a 

lower level of construal for investors, driving them to focus primarily on the feasibility of the policy. More specifically, 

investors will consider more about the applicability, effectiveness, and efficiency of implementing these regulations, being 

more cautious and conservative in predicting the future profitability of companies in this industry. 

On the other hand, people assess behavior in the future based on the opinions that can be generated in favor of (advantages and 

pros) and against (disadvantages and cons) that behavior. The construal level of behavior in the future changes the significance 

of advantages and disadvantages such that advantages become more salient when the behavior is construed in abstract, high-

level terms, whereas disadvantages become more salient when the action is construed in concrete, low-level terms (Eyal et al., 

2004). Therefore, a tightening policy for SLSS with a lower level of information concreteness can lead to a higher construal 

level for investors, signaling more advantages than disadvantages in response to the guidelines. In this case, investors believe 

the policy will benefit the industry's long-term development because it creates a positive business environment despite 

restrictions that may deteriorate revenue growth. As a result, their predictions of platforms’ future profitability will be more 

optimistic. Contradictory, a tightening policy for SLSS with a higher level of information concreteness can lead to a lower 

construal level for investors, signaling more disadvantages than advantages in response to the regulations. Investors will focus 

more on this industry's fundamental problems/risks/uncertainties and difficulties/obstacles in implementing regulations. 

Moreover, investors will perceive more negative impacts of the policy because it prevents some irrational gifting behaviors of 

viewers (e.g., impulsive gifting with large amounts of money) and thus reduces the revenue of the streamers and platforms. As 

a result, their predictions of platforms’ future profitability will be more passive. 

To sum up, investors will have a lower level of construes in response to a higher level of policy concreteness, considering more 

about the feasibility and disadvantages signaled by the policy and thus possessing a more passive attitude towards the 

platforms’ future profitability. Oppositely, investors will have a higher level of construes in response to a lower level of policy 

concreteness, considering more about the desirability and advantages signaled by the policy and thus possessing a more 

optimistic attitude towards the platforms’ future profitability. Therefore, we make the following hypothesis. 

Hypothesis 1: Platforms offering SLSS will experience a more significant decrease in stock price in response to tightening 

policies with higher information concreteness. 

A tightening policy with a higher level of concreteness offers more detail-oriented guidelines for regulated objects. For 

platforms and streamers, it defines more specific standards in their business strategies and activities, reducing the ambiguity in 

understanding the rules and the grey area so they can avoid restrictions intentionally. Thus, platforms and streamers can meet 

regulatory compliance and standards more effectively. For regulators, more concrete standards help them supervise, detect, and 

intervene more effectively and efficiently in irregular behaviors, reducing time and workforce costs in their regulatory 

activities. In short, a tightening policy with more detail-oriented guidelines can lead to stronger regulation effects on the 

company. In the context of SLSS, a tightening policy includes various restrictions on streamers’ hype strategies and viewers’ 

irrational consumption behaviors, which can increase the company's income through unethical means. Consequently, a more 

concrete tightening policy will result in a more significant decrease in the company revenue. Therefore, we make the following 

hypothesis. 
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Hypothesis 2: Platforms offering SLSS will experience a more significant decrease in company revenue in response to 

tightening policies with a higher level of information concreteness. 

 

Figure 1: Theoretical Framework 

 

METHODOLOGY 

Data Collection 

To test the hypothesis, three tightening policies related to SLSS in China and the financial information (i.e., stock price and 

actual revenue) of four listed Chinese live-streaming platforms were collected. The policies were collected from the Chinese 

government's website (https://www.gov.cn/). Companies’ background and their financial information was collected from 

Nasdaq’s official website (https://www.nasdaq.com/) and Baidu Gushitong (https://gushitong.baidu.com/). Table 1 exhibits the 

description of variables in this study.  

Table 2 displays the basic information of the three tightening policies published in 2020, 2021, and 2022. We applied 

generative AI and expertise review to evaluate the policy concreteness. The first policy, which has a high level of information 

concreteness, provides specific rules for platforms to guide streamers’ performance and viewers’ gifting behavior. For example, 

it calls for a delay in payment to streamers to prevent streamers’ fraud behavior. Once the crime is recognized, platforms can 

promptly return the money to viewers. It also suggests a daily/monthly maximum gifting value for viewers; platforms must 

remind them about the consumption when it exceeds half the maximum. The second policy, which has a low level of 

information concreteness, offers an overall expectation of industry development. For example, it calls for a positive and 

healthy environment for the industry and the protection of adolescents’ values in SLSS. The third policy, which also has low 

information concreteness, outlines the basic requirements for streamers to behave ethically and legally and avoid misconduct. 

Table 1: Variable Description 

 
Variable Measurement 

Dependent 

Variables 

Stock Price The daily closing price of a stock. 

Revenue The quarterly total revenue of a company. 

Independent 

Variable 

Policy Concreteness 

Level 

A tightening policy's level of information concreteness 

(High vs. Low). 

 

 

Table 2: Introduction of Tightening Policies 

Policy 
Publication 

Date 
Title 

Level of 

Concreteness 
Source 

1 Nov 12, 2020 

Notice of National Radio and Television 

Administration on Strengthening the 

Management of Online Show Live 

Streaming and E-commerce Live Streaming 

High 

(National Radio 

and Television 

Administration, 

2020) 

2 Feb 9, 2021 

Guiding Principles on Strengthening the 

Standardized Management of Online Live 

Streaming 

Low 

(National Radio 

and Television 

Administration, 

2021) 

3 Jun 22, 2022 
Code of Conducts for Live-streaming 

broadcasters 
Low 

(National Radio 

and Television 

Administration, 

2022) 
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Table 3 exhibits the basic information of four listed live-streaming platforms from China. Although there are more than four 

live-streaming platforms in China, most of them are not included in this study because they have not been listed to date or were 

listed later than the policy publication. According to Nasdaq’s official website, the first company, Huya, is a technology-driven 

content firm specializing in game live streaming. The second company, DouYu, is a live-streaming platform in China with a 

strong focus on gaming, generating revenue through live streaming and advertisements. The third company, JOYY, is a social 

media platform that creates and shares entertainment content and activities, offering live-streaming platforms, short-form video 

platforms, and other services. The last company, Bilibili, is a Chinese online entertainment platform best known for its video-

sharing site, similar to YouTube. Founded in 2009, it started as a long-form video platform for anime, comics, and gaming 

(ACG) content, appealing primarily to Gen Z users. 

Table 3: Introduction of Listed Live-streaming Platforms in China 

Company 

ID 

Company 

Name 

Ticker 

Symbol 

Established 

Time 

Listed 

Date 

Stock 

Exchange 

1 HUYA Inc. HUYA 2014 May 14, 2018 NYSE 

2 DouYu Inc. DOYU 2014 Jul 17, 2019 NASDAQ 

3 JOYY Inc. YY 2005 Nov 21, 2012 NASDAQ 

4 Bilibili Inc. BILI 2009 Mar 28, 2018 NASDAQ 

Source: Nasdaq (2024). 

 

Table 4 displays the revenue ratio of SLSS in the four companies from 2020 to 2022. According to Baidu Gushitong, the 

former three companies have a very high revenue ratio of SLSS, all above 80%. Bilibili has a relatively lower revenue ratio of 

SLSS, ranging from 30% to 40%, but still accounts for the largest ratio in its total revenue. In addition to SLSS, these 

platforms earn money from other services, such as advertising and online/mobile games. 

Table 4: Revenue Ratio of SLSS on Each Platform from 2020 to 2022 

Company ID Company Name 2022 2021 2020 Other Services 

1 HUYA Inc. 88.89% 89.73% 94.48% 
Advertising; Sub-licensing; 

Online Games 

2 DouYu Inc. 95.63% 93.79% 92.19% Advertisement 

3 JOYY Inc. 82.81% 88.73% 90.35% Advertisement 

4 Bilibili Inc. 39.80% 35.78% 32.05% 
Advertising; 

Mobile Games 

Source: Baidu Gushitong (2024). 

 

MODEL SPECIFICATION 

Event Study 

We employed an event study method to examine the political impacts on live-streaming platforms’ financial performance. 

Finance theory posits that capital markets assimilate all known information about companies into their stock prices (Fama, 

1991). Based on this principle, researchers can examine how specific events influence a company's prospects by measuring the 

event's effect on the company’s stock price (e.g., Deng et al., 2013; Edmans, 2011; Kothari & Warner, 2007). To facilitate this 

analysis, finance scholars have developed the event study methodology. 

Equation 1 describes the Market Model, where the abnormal return ( ) reflects the difference between the actual stock 

return ( ) and the normal return on a specific day within the event window. The normal return depends on the correlation 

between the firm's stock and its reference market index (expressed by the α and β parameters) as well as the actual reference 

market's return ( ). 
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Equation 1: Abnormal Return (ARs) with Market Model 

                                                          (1) 

To assess the overall impact of an event within a specified event window, we can sum the individual abnormal returns to 

calculate the cumulative abnormal return. Equation 2 shows the calculation for CARs. 

Equation 2: Cumulative Abnormal Returns (CARs) 

                                                 

(2) 

In an event study that includes multiple instances of a specific event type (e.g., acquisitions), cumulative average abnormal 

returns (CAARs) could be applied to represent the average values of the abnormal returns across similar events. Equation 3 

shows the calculation for CAARs. 

Equation 3: Cumulative Average Abnormal Returns (CAARs) 

                                                                                  

       (3) 

In this study, the event date is the date when three policies were published by the authorities, which are exhibited in Table 2. 

There are multiple event windows with different length of time intervals, starting from 10 days before the event date to 10, 20, 

30, 60, and 90 (i.e., [-10, 10], [-10, 20], [-10, 30], [-10, 60], [-10, 90]) days after the event. The estimation window is set to 270 

to 30 days (i.e., [-270, -30]) before the event date. Because all the companies are listed in the US stock market, the NASDAQ-

100 Technology Sector Index, an equal-weighted index based on the securities of the NASDAQ-100 Index classified as the 

Technology sector, was adopted as the reference of market value. 

OLS Regression 

An OLS model was adopted to estimate the political impacts on companies’ actual revenue, and it is presented below. 

Equation 4: OLS Regression 

 (4) 
 

 

 

In  Equation 4,  as the dependent variable represents the companies' actual quarterly revenue. Independent variables 

such as , , …, ,  represent the time window relative to the event date, such as one or two quarters before 

or after the policy publishment. is the error term that includes unknown or unobservable factors. 

ANALYTICAL RESULTS 

For the companies’ stock price, Table 5, Table 6, and Table 7 exhibit the cumulative abnormal returns (CARs) for individual 

stocks and the cumulative average abnormal returns (CAARs) for the portfolio of three companies with a high revenue ratio of 

SLSS (i.e., Douyu, Huya, and YY) in response to three tightening policies, respectively. Results show that only Policy 1 has 

led to a significant decrease in companies’ stock prices. Specifically, the CAARs for the portfolio of three companies (i.e., 

Douyu, Huya, and YY) experienced a significant decrease 30 days after Policy 1 was published. In contrast, the CARs of 

Bilibili experienced a significant increase 20 and 60 days after Policy 1 was published. Although changes in Bilibili’s stock 

price are inconsistent to our initial expectations, merely Policy 1 significantly decreased the stock price compared to other two 

policies (combining the results of robustness checks), therefore, H1 is supported. 

Table 5: ARs and CAARs of Stock Prices in Response to Policy 1 

CAR/CAAR 
CAAR 

(-10,10) 

CAAR 

(-10,20) 

CAAR 

(-10,30) 

CAAR 

(-10,60) 

CAAR 

(-10,90) 

DOYU -13.2280% -33.8805% -43.8947%* -24.3942% -53.5161% 

HUYA -4.8373% -11.1810% -20.8538% 12.9398% -6.7304% 

YY -6.3425% -15.6882% -29.0793% 15.0979% -0.1696% 

Ptf CARs (3 securities) -7.4966% -19.7863% -30.9869%* 1.4281% -19.8558% 

CAAR (3 securities) -6.9549% -18.9728% -29.9017%** 3.3378% -17.0645% 

BILIBILI 21.5300% 32.2607%* 33.2559% 81.1428%*** 27.1582% 

*** p<0.01, ** p<0.05, * p<0.1 
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Table 6: ARs and CAARs of Stock Prices in Response to Policy 2 

CAR/CAAR 
CAAR 

(-10,10) 

CAAR 

(-10,20) 

CAAR 

(-10,30) 

CAAR 

(-10,60) 

CAAR 

(-10,90) 

DOYU 8.0471% 3.2953% -13.7907% -47.9197% -53.3980% 

HUYA 13.2772% 7.9556% -8.2499% -30.6794% -29.9989% 

YY 23.9374% 26.2863% 20.2366% -2.8104% -31.7555% 

Ptf CARs (3 securities) 15.3523% 12.6079% -0.5718% -27.7830% -39.4163% 

CAAR (3 securities) 16.0760% 13.6720% 0.8104% -25.4247% -36.0661% 

BILIBILI -17.4553% -36.1642%* -49.2074%** -57.0577%* -61.8411% 

*** p<0.01, ** p<0.05, * p<0.1 

 

Table 7: ARs and CAARs of Stock Prices in Response to Policy 3 

CAR/CAAR 
CAAR 

(-10,10) 

CAAR 

(-10,20) 

CAAR 

(-10,30) 

CAAR 

(-10,60) 

CAAR 

(-10,90) 

DOYU 27.2126% 24.6967% 16.1641% 60.8701% 59.3108% 

HUYA 11.2342% -3.0618% -7.5636% 11.3051% -13.6705% 

YY -8.3731% -17.4910% -20.5479% 7.1805% 8.8908% 

Ptf CARs (3 securities) 9.9979% 1.1414% -4.4468% 26.1074% 18.1861% 

CAAR (3 securities) 10.6043% 2.0491% -3.2471% 28.1373% 21.0594% 

BILIBILI 31.7639% 25.4366% 16.9362% 21.5587% -18.7926% 

*** p<0.01, ** p<0.05, * p<0.1 

For the companies’ revenue, Table 8, 
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Table 9, and Table 10 exhibit the changes in actual quarterly revenue of four companies in response to three tightening policies, 

respectively. The results show that only Policy 1 has led to a significant variation in the actual revenue of one company (i.e., 

Douyu). Douyu’s decrease in its actual revenue after Policy 1’s publishment indicates that the tightening policy restricted 

specific streaming strategies of streamers or viewers’ gifting behavior that can generate profits. Because the revenue changes 

in the other three companies are insignificant, H2 is partially supported. 

Table 8: Regressions Results of Actual Revenue in Response to Policy 1 

 (1) (2) (3) (4) 

VARIABLES HUYA DOYU YY BILI 

     

pre_2 -0.353 1.900** 0.443 -18.167 

 (3.345) (0.416) (2.444) (21.444) 

pre_1 0.827 2.280** 1.293 -12.087 

 (3.345) (0.416) (2.444) (21.444) 

post_0 2.577 -0.490 -2.087 -5.947 

 (3.345) (0.416) (2.444) (21.444) 

post_1 -1.273 -1.650* -1.367 -5.337 

 (3.345) (0.416) (2.444) (21.444) 

post_2 2.297 0.190 -1.177 0.603 

 (3.345) (0.416) (2.444) (21.444) 

Constant 27.323*** 23.180*** 7.797** 44.347* 

 (1.673) (0.208) (1.222) (10.722) 

     

Observations 8 8 8 8 

R-squared 0.422 0.977 0.485 0.324 

F test 0.884 0.0558 0.836 0.940 

     

Standard errors in parentheses 

*** p<0.01, ** p<0.05, * p<0.1 
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Table 9: Regressions Results of Actual Revenue in Response to Policy 2 

 

 (1) (2) (3) (4) 

VARIABLES HUYA DOYU YY BILI 

     

pre_2 1.757 1.747 0.717 -3.457 

 (2.364) (1.397) (2.083) (22.162) 

pre_1 3.507 -1.023 -2.663 2.683 

 (2.364) (1.397) (2.083) (22.162) 

post_0 -0.343 -2.183 -1.943 3.293 

 (2.364) (1.397) (2.083) (22.162) 

post_1 3.227 -0.343 -1.753 9.233 

 (2.364) (1.397) (2.083) (22.162) 

post_2 3.367 -0.233 -1.863 16.353 

 (2.364) (1.397) (2.083) (22.162) 

Constant 26.393*** 23.713*** 8.373** 35.717* 

 (1.182) (0.698) (1.041) (11.081) 

     

Observations 8 8 8 8 

R-squared 0.712 0.744 0.626 0.278 

F test 0.573 0.522 0.690 0.959 

     

Standard errors in parentheses 

*** p<0.01, ** p<0.05, * p<0.1 

 

Table 10: Regressions Results of Actual Revenue in Response to Policy 3 

 (1) (2) (3) (4) 

VARIABLES HUYA DOYU YY BILI 

     

pre_2 4.085 3.308 -0.225 14.055 

 (5.871) (5.230) (1.675) (13.679) 

pre_1 0.645 -2.012 -0.625 6.785 

 (5.871) (5.230) (1.675) (13.679) 

post_0 -1.255 -1.642 -0.905 5.335 

 (5.871) (5.230) (1.675) (13.679) 

post_1 -0.215 -1.992 -0.995 14.185 

 (5.871) (5.230) (1.675) (13.679) 

post_2 -2.985 -3.162 -0.815 17.665 

 (5.871) (5.230) (1.675) (13.679) 

Constant 24.005*** 19.972*** 6.865*** 43.755*** 

 (1.695) (1.510) (0.484) (3.949) 

     

Observations 16 16 16 16 

R-squared 0.080 0.106 0.076 0.251 

F test 0.966 0.937 0.970 0.655 

     

Standard errors in parentheses 

*** p<0.01, ** p<0.05, * p<0.1 

 

ROBUSTNESS CHECKS 

We adopted the Market Adjusted Model to check the robustness of the results for the event study. The Market Adjusted Model 

is an alternative model to estimate stocks’ abnormal returns, defining that the expected return is equal to the market return. The 

model is shown as Equation 5. 

Equation 5: Abnormal Return (ARs) with Market Adjusted Model 

                       (5) 

 

Table 11, Table 12, and Table 13 exhibit the CARs and CAARs of four companies in response to different policies with the 

Market Adjusted Model, respectively. Stock price changes after Policy 1 are consistent with those estimated with the Market 
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Model. For Policy 2, stock price changes of the company portfolio (i.e., Douyu, Huya, and YY) and Bilibili are both 

inconsistent with those estimated with the Market Model. Results for Policy 3 are consistent with initial ones, showing no 

significant stock price changes of any companies in response to Policy 3. In short, results for Policy 1 and Policy 3 are robust 

and convincing. 

Table 11: Robustness Checks of Stock Prices in Response to Policy 1 

CAR/CAAR 
CAAR 

(-10,10) 

CAAR 

(-10,20) 

CAAR 

(-10,30) 

CAAR 

(-10,60) 

CAAR 

(-10,90) 

DOYU -14.4050% -33.9443% -43.4150%* -22.0079% -41.7666% 

HUYA -8.8287% -16.1717% -27.1507% 2.8732% -16.5510% 

YY -7.3652% -16.6380% -30.1468% 13.7696% 0.7351% 

Ptf CARs (3 securities) -8.9981% -20.9536% -32.1772%* 0.3421% -16.1628% 

CAAR (3 securities) -8.9981% -20.9536%* -32.1772%** 0.3421% -16.1628% 

BILIBILI 25.8265%* 39.6659%** 43.4080%** 99.7110%*** 58.8770%* 

*** p<0.01, ** p<0.05, * p<0.1 

 

Table 12: Robustness Checks of Stock Prices in Response to Policy 2 

CAR/CAAR 
CAAR 

(-10,10) 

CAAR 

(-10,20) 

CAAR 

(-10,30) 

CAAR 

(-10,60) 

CAAR 

(-10,90) 

DOYU 6.8917% 6.3919% -11.1727% -46.4290% -53.8517% 

HUYA 9.6749% 6.0326% -11.8376% -39.0433% -43.7166% 

YY 22.6746% 26.1306% 19.5050% -5.1597% -36.0133% 

Ptf CARs (3 securities) 14.0212% 13.9545% 0.1903% -28.5616% -42.2991% 

CAAR (3 securities) 14.0212% 13.9545% 0.1902% -28.5617% -42.2992%* 

BILIBILI -8.6080% -20.4627% -29.2536% -24.1770% -16.4831% 

*** p<0.01, ** p<0.05, * p<0.1 

 

Table 13: Robustness Checks of Stock Prices in Response to Policy 3 

CAR/CAAR 
CAAR 

(-10,10) 

CAAR 

(-10,20) 

CAAR 

(-10,30) 

CAAR 

(-10,60) 

CAAR 

(-10,90) 

DOYU 13.8046% 6.1995% -7.6135% 16.9192% -3.0269% 

HUYA -0.4718% -19.0955% -28.1092% -26.9436% -67.9037% 

YY -14.9356% -25.4976% -30.2467% -13.2154% -19.8844% 

Ptf CARs (3 securities) 0.0246% -12.1533% -21.2737% -6.0900% -27.4132% 

CAAR (3 securities) 0.0246% -12.1533% -21.2737% -6.0899% -27.4132% 

BILIBILI 15.9917% 7.1547% -4.5935% -26.4360% -86.3568% 

*** p<0.01, ** p<0.05, * p<0.1 

 

DISCUSSION 

This study aims to examine the political impacts on the financial performance of live-streaming platforms. More specifically, 

we examined how different tightening policies influence live-streaming platforms’ stock prices and actual revenue from the 

lens of Signaling Theory and Construal Level Theory. Based on the event study on four listed companies offering SLSS, we 

found that the negative impacts of tightening policies only exist when the policy possesses a high level of information 

concreteness. 

First, of the three tightening policies, only the first policy causes significant abnormal returns of the individual stocks (i.e., 

Douyu, Bilibili) and the stock portfolio (i.e., Douyu, Huya, and YY). These results indicate that the stock price, which reveals 

investors' confidence in a company's future profitability, is influenced by the level of policy concreteness through the 

mechanism of construal level. A policy with a higher level of information concreteness can lead to a lower level of construal, 

leading to investors’ primary attention on the feasibility features and cons signaled by the policy. Thus, investors will hold a 

more cautious, conservative, and even passive attitude toward the company’s future profitability, resulting in a decrease in the 

stock price. This finding also provides evidence that the concreteness of the content of signals can influence signaling 

effectiveness. 
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Second, it is beyond expectation that Bilibili's stock price significantly increased in response to the first tightening policy. The 

potential underlying reasons are the low revenue ratio of SLSS in Bilibili and its competitive relationship with the other three 

companies. Because Bilibili possesses a relatively lower revenue ratio of SLSS (i.e., less than 50%), investors perceived more 

anti-risk capabilities and income stability than companies with a high revenue ratio of SLSS, and they were more confident 

about its future profitability. More importantly, when investors reduce their investment from other competitors in this industry, 

some may reinvest the money into Bilibili because of its relatively better prospects for future profitability. Therefore, Bilibili’s 

stock price exhibits an opposite direction of variation compared to the other three companies.  

Third, in accordance with the variation in stock price, Douyu’s actual revenue also decreased after the publication of the first 

policy, indicating that investors have made correct predictions about its future financial performance. In contrast, the other 

three companies’ actual revenue is inconsistent with investors’ predictions. For the two companies with a high revenue ratio of 

SLSS (i.e., Huya and YY), the potential reason may be their past regulation compliance. While Douyu has been warned by the 

regulation department multiple times (CAC, 2023), the other two platforms are less involved in negative news, indicating that 

they have carefully complied with the regulations and made operational adjustments before the publication of tightening 

policies. Thus, they experienced fewer policy shocks in response to the tightening policies and maintained a relatively stable 

income status. For Bilibili, its revenue did not significantly increase following its stock price. This result is reasonable because 

the tightening policy did not provide actual advantages in raising the platform’s revenue, indicating that the stock price 

sometimes merely reflects market participants’ predictions and investment strategies but cannot signal the actual business 

performance of companies well. 

CONTRIBUTIONS AND LIMITATIONS 

This study makes three critical theoretical contributions. First, it extends the literature on SLSS by filling in the research 

vacancy of regulators and regulator-platform interactions in this industry. It introduces novel factors that influence different 

stakeholders’ interests, including streamers’ performance, viewers’ consumption behavior, and platforms’ financial 

performance, addressing the importance of regulation on the development of both individual companies and the industry and 

providing a new perspective on the research of different stakeholders’ interactions in SLSS. Second, it enriches the literature 

on Signaling Theory by introducing a new factor that influences signaling effectiveness: the information concreteness of 

signals. It reveals and interprets the heterogeneity in signaling effects on different receivers through a novel theoretical lens. 

Third, it contributes to the literature on Construal Level Theory by extending its application to political impacts on financial 

markets from investors' perspective. 

In addition to theoretical contributions, this study has great managerial implications for different stakeholders in SLSS. For 

streamers, it reminds them of the importance of regulations on their behavior when providing streaming services. Streamers 

must be highly sensitive to the latest regulations to ensure their long-term career development, especially for those with 

specific instructions, behaving legally and ethically, and avoiding grey areas such as controversial content.  

For live-streaming platforms, it provides a better understanding of investors’ attitudes towards different political impacts on the 

industry and addresses the significance of diversification strategies in service provision. Investors regard that a concrete policy 

is more likely to influence platforms’ future profitability than an abstract one and that platforms with a high revenue ratio from 

a single business segment (i.e., SLSS) are less capable of risk avoidance than those with diversified services or products. Lastly, 

despite the potential negative impacts caused by the tightening policies, live-streaming platforms should comply with the 

regulations carefully and avoid taking any chances, which is beneficial for their long-term development and competitiveness. 

For policymakers, it reminds them of the importance of information concreteness when making policies. It is suggested that 

policymakers have a clear goal for the regulation impacts: to release signals to the market about their overall expectation of 

industry development or regulate specific parts of the business. Policies with different levels of information concreteness can 

generate divergent effects on the markets, including investors, service providers (i.e., platforms and streamers), and consumers 

(i.e., viewers), and policymakers should make appropriate policy decisions adapting to the actual industrial dynamics and 

business environment. 

There are two limitations due to the sample collection strategy. First, many live-streaming platforms in China (e.g., TikTok and 

Kuaishou) have not been listed, or their listed time is later than the policy publication. Thus, the number of companies 

qualified for the event study is limited, restricting the findings and discussions of the results. Future studies can include more 

listed companies in this industry, if applicable, to better understand the financial performance of this market. They can also 

switch to other countries where more qualified companies exist. Second, because listed companies disclose their financial 

statements quarterly and yearly, the political impacts on actual revenue cannot be examined promptly and are usually late for 

two or three months. This delay may bias the estimation of political impacts by including confounding factors or events. Future 

studies can explore other credible data sources that offer revenue records of live-streaming platforms more frequently (e.g., 

weekly or monthly) to eliminate such bias. 
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CONCLUSION 

This study examined the political impacts on the financial performance of live-streaming platforms based on Signaling Theory 

and Construal Level Theory. Event studies of three tightening policies on four listed companies providing SLSS were 

conducted. Results show that the negative impacts of tightening policies only exist when the policy possesses a high level of 

concreteness. Results not only address the importance of information concreteness in signaling effectiveness but also reveal 

investors’ different construal levels in response to divergent policies. More importantly, this study contributes to the literature 

on SLSS by filling in the research vacancy of regulators and regulator-platform interactions in this industry, introducing novel 

factors that influence streamers’ performance and viewers’ gifting behavior. This study also generates significant managerial 

implications for different stakeholders in SLSS. 
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